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Y Y Y Y Y
Notebook 02 Notebook 03 Notebook 04 Notebook 05 Notebook 06
Classical ML Deep Vocab Transformers Reinforcement MLP, CharCNN
(5 Models) (3 Models) & System-One Learning (RL) & Tiny-Trans.
1] 1] 1] 1] 1]

Model Registry (models. json) + Self-Contained Checkpoints (models/) + Local Tokenizers

16 Deployed Models + Weighted Ensemble — Loaded Once at FastAPI Startup
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# Fetch missing checkpoints from Hugging Face and start server:

.venv/bin/python server.py --download-online

# Standard production startup on 0.0.0.0:8000:

.venv/bin/python server.py
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# Start Next.js web interface on http://localhost:3000:

cd web-app &% pnpm install && pnpm dev

# Run fast unit tests and full golden regression tests:
.venv/bin/python -m pytest tests/ -m "not slow"
.venv/bin/python -m pytest tests/ -m slow
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